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Abstract: Since the scale of video to be monitored and processed by face recognition system has been
increasing, the traditional centralized face recognition methods are insufficient in time efficiency and
scalability and no longer able to meet the needs of large scale and real-time face recognition. Aimed at
such technical bottleneck, a distributed face recognition method was proposed. The model consisted of
several agents and one server, in which the agent was able to detect, trace and extract features of
pedestrians in several videos at the same time, while the server was able to identify those pedestrians
in videos. Subject to the problems caused by uneven distribution of agent processing tasks, including
long processing time, too much tasks and CPU usage explosion, a load balance of agent was designed
for performance optimization. Firstly, the agent was used to count the total videos to be processed and
number of pedestrians in each video, then, statistical data was sent to the server through the agent

and at last, the server will re-allocate the videos to each agent for face recognition by the load balance.
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The results show that the distributed face recognition method can effectively promote the efficiency

and scalability of face recognition methods. For those extreme cases, after performance optimization,

the maximum CPU using rate in agent has been declined by approximate 40% , which could effectively

alleviate the time delay.

Key words: face recognition; distributed; agent; load balance; performance optimization

1 3 =

U BN Fe W) 0T 5 55 B — 1 T TR BE 5]
BRG], K e B 5L T R N R . T
AT N TR AL S 4 AN ER A AR R AR R
2 S (T /-9 | LN LR 11| I < NG o LU N T
YanWen Wu 58 N T —Fh g & k605 B 1Y
Adaboost 5% FH & 9 A B, Rachid Belaroussi
SN DU P PR 0 R AT N ARG L 5 b
B RRRE . AB IR AL . LR s
PR 2 R Y Camshift 236 X7 A HE 4T
PR AT D) R A B R 22 N, O HLRE 8 v il 2 4 1)
i, % 4h, Veronica Vilaplana 28 A 42 H T HE T IX
B Meanshift A B E5 55005 5y 1 BRI 0 E A
M, 2 AR5 5 1, Binu Muraleedharan Nair
SN A A 2 A R B P AR H A =
J43 53 A7 (Principal Component Analysis, PCA) &
B AR TR R, R, BT PCAY
WU Z 5k N H F T A U R 58
AT 2R HUAR T AR KA ik 20, AT DL HORS ff 1
HEAT AN .

SR Ry 1 m AR ROR 2T E & Aa
B THEEM AR PN RS . AlEE Rl —
Ty 4 O ARG IR R G % R Gl i 4
INIZ &/ HES A AN & A C N X Y UMl
VISR E: kX WEUN 3 28l bV & W R T W73
T R G AGE FH T 8 R AR A T 5 i 2 i A Jh 1R
Sl 38, SCHR[8-10 ]38 48 7 36 T 08 ml & 1Y
3 A N PR AR B, G2 A5 A AR 4 AR 7 T
N B8 53 R 4 T893 5 53 50 S BURFAE , SR T X 45
P YRR AT R . 2 O7 T PR E T R TR )
i RN = R AN v 2B U S /(T
XA X B 43 T A R Y 2 A 2O R T
IRFE ST B R B T 2 T AT AN AR R 5
BN B M E B T RCR . SiAh, Bk N

8 TR0 5k A 2 X A T R AT A Ui 4 A
(9 s AN ReBE X LA A i A AT R R, BT
It . Rajeshwari J 45 A48 Hy T 4 X 4045 370 28 47
PO A9 73 A 2N U R 58 1% B 58 19 AR AR
SR 0 WL 0 ) K5 2 N AR P i, AR
Ui 3 SR HE W B Y AR PR AT A RO AR L (R X
il oA O TR 3 52 52 Bt B ATh SR 02 & X g
IO 7i R A1y 5l (1 7 2 i 2 7
BEUR

AR, TR B A R TR R SRR BE [R] B
XF Z A ARIRAT A U A . T EL RS B Y
AW 2D 7 AT N0 B4 R A 2 1
RT IR IR ARG AT R A SR T
— oA NIRRT 2 . X A7 B i L g
NI AR 53 1 P 8 3o G b AR ARG 0 A B B A
FRRAE $2 RS 45 A L ok S 48 1 24 ply A Bk Ak 2, T A
I DE T 3R 531 ) E e 95 ke R AT . 3k o A N
PUIN AT LA Z AR B, SR A 2 (8] 09 4 55 o A 22
AR B 2 Ab AT 55 £ 28 R B AR BHDKE 25 77 A= 1 [)
TEIR P BURE AR U B 5 B
1) CPU FIH R S E R K. AT i X
[ R0, e el ] — b B 6% 12 4 0 T 4% AR BRAT: 55
AOCA 3 o AT 55 289 4 0] 3 2 AL T AT 55 18 B8 )
L, T 388 2 B 0k (G — L LR I 2 i 2 1o 2 i) fd
R SR L A A Sk s T T 3K
Hay g o) R0 SR A e AR IR AR TE R D)
SO & QS N S 7 S W S N P N O 5 B
e B 1 28 SURE 58 F0 78 S Al R gk A7 1 BR AL O AL
B 7 {E R Ok 90 SRR, X R AR Ty v
AT A A4 B T AR A 43 A1 2O U R AR () Bt
B 50 RN AT 4 Rk

2 kXA R R

2.1 SHRXARIAFEE
E & O W A R R R R



CHER:]

PR TLAR S 45 - — b o A XN R O 3 v ek 781

. LT AT A PR ASE R A o )  E A
JIR 45 % A0 AR BE A A AR B AT L) s Ak BE 22 A R
B, BEASRAI h AT — AN B0E 2T L AR G A
i 55 4% w9 15 & 38 52 SOAP (Simple Object
Access Protocol) #E 470 H &35 ,

(I (T W i 2 g - BN

Fig. 1 Distributed face recognition model
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Fig. 4 Multiple faces recognition results shown in agent
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