H20% W2 b K E TR Vol.20 No.2
2012 4£ 2 A Optics and Precision Engineering Feb. 2012

XEHS 1004-924X(2012)02-0439-08

1 4 INE T 3% F £ 2k Boosting B9 B #r 2R BR

B 2SN
(RAAE BFEEFRK,#H &KX 430079)

FEE AT X g IR ER H bR AE & A 7 R I SR B T A 5 Jr R I TE L Boosting Bk 5 S B R BN A ER R
HERE KA IR R, 2 1 T —Fh T 7 R I 288 19 FE LR Boosting 3. B 50 B 4510 W R 43y 224> 1 X 8 43 2 % % 1o 1Y
TSR AR 5 SRS 7R PR B A AR v [ 3 0 b 328 B DX 288 2 ke 2R LS 43 288 A LA S B B B - X H A 7 1Y R
Wl 5 35 S5 o SR X < X388 U b 0 A 08 40 B30T 199 07 12 A 80 e T AR A 2 I B A At R SRR IR, AN [ A0 4 51 3k
925 R B, Y AR R T ARV G 2 A A B3k B A 2 2 LA, AR K/ 36 pixel X 40 pixel B 9 4b #4715 frame/s,
5L 5152k Boosting BIE AR L, ARS8k % & A= 7 TS 1Y B AR AT e HEAT MR B ER

X $§ if:/E 4 Boosting; B AR FR My X B HEH

hE S ES:TP391 XEkERIRFD : A doi:10. 3788/0OPE. 20122002. 0439

On-line boosting based target tracking under occlusion
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Abstract: A new on-line boosting algorithm based on sub-regional classifiers was presented to solve
the problem that traditional on-line boosting based tracking algorithm often leads to drifting or failure
due to the accumulated error during on-line updating under serious occlusions. Firstly, the feature
pool was divided into a number of sub-regional feature pools to correspond to their sub-regional classi-
fiers. Then, the sub-regional classifiers were selected adaptively into a strong classifier to eliminate
the influence of occluded sub-regions on the target location when occlusions took place. Finally, the
sub-regional feature pools were updated partly to solve the problem of accumulated error during on-
line learning. The proposed algorithm was tested with variant video sequences and results show that
proposed algorithm achieves exact tracking for the object occluded, and the average computing frame
rate is 15 frame/s when the object scale is 36 pixel X40 pixel. In conclusion,the algorithm can satisfy
the requirements of stability under occlusion as compared with the original on-line boosting algorithm.
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