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Abstract: As the Center-Symmetric Local Binary Pattern(CS-LLBP) for the iris recognition has a higher
feature dimension and is sensitive to noises, an effective improved method based on Statistical Charac-
teristics Center-symmetric Local Binary Pattern(SCCS-LBP) was proposed. Firstly, a normalized iris
image was encoded by CS-LLBP according to the distribution characteristics of iris texture, and the sta-
tistical characteristics of the encoded image was computed to reduce the feature dimension. Then, the
binary feature image of iris was extracted based on statistical results. Finally, the Hamming distance

matching vector was obtained to implement the iris recognition. This method was used to CASIAL. 0,
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CASIA2. 0,CASIA3. O-Interval and MMUI database, the results show that the highest correct recog-
nition rates reach respectively 99. 955%, 99. 848%,99. 989%, and 99. 916%. The experimental re-

sults demonstrate that this method effectively utilizes the iris texture distribution characteristics, and

have the advantages of lower dimension, higher recognition rate and better robustness as compared

with LBP and CS-LBP methods.

Key words: iris recognition; Center-symmetric Local Binary Pattern( CS-LBP) ; Statistical Character-

istios Center-Symmetric Local Binary Pattern(SCCS-LLBP); Hamming distance
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Fig. 1 Localization and normalization of iris
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Fig. 2 8-neighborhood LLBP operator
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(a) B4R T5 [EH 0°
(a)With initial direction of 0° (b)With initial direction of 90°
Bl 3 \4BIk SCCS-LBP & 7R & K
Fig. 3 8-neighborhood SCCS-LBP operator
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(b)Coding feature image of SCCS-LLBP in 0° direction
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(c)Coding feature image of SCCS-LBP in 90° direction
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Fig. 4 Coding feature images of SCCS-LBP in 0°and

90°directions
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Fig. 7 Comparison of ROC curves of different meth-
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Fig. 8 Comparison of ROC curves of different meth-
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Fig. 9 Comparison of ROC curve of different meth-
ods in MMUT library
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