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Abstract: To accurately detect shadows in high resolution remote sensing images and to improve the
accuracy of target identification and information extraction from remote sensing images, this paper
studies how to detect shadows in high-resolution remote sensing images based on the spectral charac-
teristics of the shadows. The Normalized Blue and Red band Indexes(NBRI) was proposed according
to the different decrease amplitudes of radiance in blue band and red band. Then the Normalized
Difference Vegetation Indexes(NDVI) were calculated to distinguish the vegetation from the shade.
Finally, a single index-shadow intensity(SI) was constructed by subtracting the NDVTI from the NBRI
and the shadow was easily segmented from the SI image by an appropriate threshold. The proposed
method was tested on Woldview-2 multispectral images with a spatial resolution of 2 m, experimental

results indicate that the overall accuracy of shadow detection is above 85%. It concludes that the meth-
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od proposed in this paper has excellet performance in detecting shadow, needs less computation and is

easy to be implemented.

Key words: shadow detection; remote sensing image; normalized difference vegetation index; histo-

gram thresholding segmentation
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Fig. 1 Flowchart of shadow detection
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Fig. 2 Process of shadow detection in the 1* test area
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