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Application of BP neural network in obstacle
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Abstract: In order to achieve the reasonable matching of the environmental obstacle information of
driverless car and the performed action command mode , the BP neural network applied to the obstacle
avoidance of driverless car in the article and technology of obstacle avoidance of driverless car based on
BP neural network was researched. The environmental information identification model of BP neural
network was established. The 180° planar domain detected by single line laser radar in front of the
driverless car was divided into 8 sub-domains and the scan range of each sub-domain was 22.5°. The
information of environmental obstacles of the 8 sub-domains was taken as the input feature vector of
BP neural network system and the action command of the driverless car controlled by identification
was taken as the output vector of BP neural network system. The input environmental coding infor-
mation matched with the performed action command by using BP neural network. The experimental

result shows that the error between the obtained result of the obstacle avoidance model of driverless
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car based on BP neural network and expected target value is controlled within the range of 0. 001 and

the accurate and quick classification matching between environmental coding information and the per-

formed action command is achieved, and the aim of driverless car reasonably and effectively avoiding

obstacles is achieved.

Key words: environmental obstacle information; action mode instruction; BP neural network; single-

line lidar
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