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Abstract: Aimed at the problem that existing image searching algorithms were difficult to evaluate
query purpose of users completely and the quality of image retrieval was low, a personalized image
searching method based on clustering analysis and user interest model was proposed in the thesis. In-
put retrieval image was divided into 9 sub-blocks and transformed into HSV color space, and color dis-
tribution histogram of image was used to extract color feature information. And then, Gabor wavelet

was used to extract texture features of the image, and obtained color features and texture features
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were fused to form multi-feature fusion similarity matrix of the image to calculate similarity among im-

ages. Then multi-feature fusion similarity matrix was used as input of multi-core dynamic clustering to

cluster the images in the database. The clustering image was sent to LSSVM network to determine the

classification surface and construct personalized user interest model. Finally, retrieved results were

provided to users for independent choice according to comparison with similarity degree of user inter-

est model. Experimental result shows that: average recall ratio and precision ratio of method in the
thesis are improved by 8. 2%, 11.42% and 19. 7%, 26.08% compared with search algorithm of single

color and texture features. It can promote quality of image searching effectively and has obvious appli-

cation value.
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Fig.1 Dividing image into nine blocks
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Fig. 2 Schematic of Gabor feature extraction
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Fig. 3 Experimental results and analysis
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Comparison of traditional content-based retrieval

and proposed algorithm %
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