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Abstract: A new rapid detection and recognition method was proposed for those objects whose image
sizes would change in movement processing. Based on Multilevel Orientation Run Length Coding
(MORLC) method , the method can generate a new multilevel byte code and object feature templet
forms. It is a byte coding and templets and characterized by smaller data amounts, smaller storage
addresses, easy constructing, and can choose different classes of sample forms. According to different
application requirements, two level byte code in MORLC method and system theory of templets were
analyzed, and the experimental data from detection and recognition of moving objects using MORLC
two level byte code were given. A detection and recognition experiment on a pedestrian and its

position in a static background was performed. The experimental results show that the multilevel byte
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code and object feature matching templet form have higher processing speeds, robust matching and

identification, and not easily get wrong matching. This method is especially suitable for changed

images caused by detecting object movement in the scene projection, which means it is not sensitive to

image sizes. Another advantage of this method is high processing efficiency.
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Fig. 2 Generation method of MORLC byte template

and its examples
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Fig. 3 8 group template images of MORLC byte

encoding with large, medium and small scales
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Fig. 4  Testing and recognition results of moving

people and car at different positions and

processing results
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Tab.3 MORLC two-byte encoding and images of moving people to be recognized
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Tab. 4 Matching results of moving people with nine MORLC two-byte samples with large.medium and small scales

MORLC = #5735 /INREAS (30 X 38) pixels
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